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Study on the Key Factors Influenced the Water Quality of Rivers Flowing into Taihu Lake
Using PSO and SVM Hybrid Algorithm
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(1. Binhu District Environmental Monitoring Station, Wuxi, Jiangsu 214072, China; 2. School of IOT Engi-
neering, Jiangnan University, Wuxi, Jiangsu 214122, China; 3. School of Chemical and Material Engineering,

Jiangnan University, Wuxi, Jiangsu 214122, China)

ABSTRACT :; 24 factors that influenced the water quality of rivers flowing into Taihu Lake was studied by combining the PSO and
the SVM algorithm. The PSO is used to optimize the parameters ¢ and g in SVM, so that the global optimum value of ¢ and g could
be searched efficiently and rapidly. Then we use SVM algorithm and take 24 ,21,18,15,12,9 and 6 influence factors as feature vec-
tors to predict water quality based on the optimal ¢ and g. The results showed that the prediction accuracy is the highest when 9 in-
fluence factors is the feature vector. The values of parameter ¢ and g are 18.56 and 1. 35 respectively. The corresponding prediction
accuracies are computed as follows: the global prediction accuracy is 92.59% , the prediction accuracy of severe pollution water
quality is 88.89% , the lightly polluted water quality is 94.45% . Therefore, warning prediction of water quality using these factors
through the method of PSO and SVM hybrid algorithm is time saving and accurate.
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